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- Chronosymbolic-single: one config for all instances

- Chronosymbolic-cover: for each instance, best result over 13 configs

- parallel: learner and reasoner running individually and
simultaneously for 360s
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e Design a modular framework, Chronosymbolic Learning, to Method #total | percentage | #safe | #unsafe
efficiently leverage symbolic information (zones, representing a LinearArbitrary 187 64.93% 148 | 39
set of data samples) and data samples Re dSOINCT Le dI'TlCT ‘ FreqHorn 191 66.32% 191 |0

¢ Propose a minimal instance (SVM+DT+BMC), exemplifying FreqHorn-expl 50 17.36% 0 50
how components interact in our framework (artifact available) 70nes Samples s* and Spacer 184 63.89% 139 | 59

e A new perspective of unifying approaches (see paper for more) (2,0) (-1,0) GSpacer 220 76.39% 174 |46

e Promising experimental result though simplistic instantiation Chronosymbolic-single | 237 82.29% 189 |48

Overview of different approaches through the lens Chronosymbolic-cover | 252 87.50% 204 48
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